
105 

DOI: 10.71086/IAJIR/V13I1/IAJIR1313 

Received: 27 December, 2025/Revised: 30 January 2026/Accepted: 18 February 2026/Published: 30 March 2026 

 

 

 

 

 

 

Leveraging Data Driven Decision Making Models for Enhancing 

Strategic Performance in Modern Business Organizations 
 

Dr.R.S. Lekshmi a, Dr.S. Uma b, Dr.R. Muzhumathi c, Dr.D. Mohanraj d,  

K. Jawahar Rani e, Dr.G. Nirmala f 
 

a Professor, Department of Management Science, St. Joseph’s College of Engineering, OMR, Chennai , 

Tamil Nadu, India. E-mail: lekshmi.ajit@gmail.com; lekshmirs@stjosephs.ac.in,  

Orcid: https://orcid.org/0000-0001-5597-1283 
b Assistant Professor, Department of Management Studies, Crescent School of Business,  

BS Abdur Rahman Crescent Institute of Science and Technology, Vandalur, Chennai, Tamil Nadu, India. 

E-mail: uma.mgt@crescent.education, Orcid: https://orcid.org/0009-0004-0011-2819 
c Assistant Professor, Department of Management Studies, Velammal Engineering College, Chennai, Tamil Nadu, 

India. E-mail: muzhumathi22@gmail.com, Orcid: https://orcid.org/0009-0008-3513-9527  
d Assistant Professor (Selection Grade), Department of Management Studies, SRM Valliammai Engineering 

College, Kattankulathur, Chengalpattu, Tamil Nadu, India. E-mail: mohanlec@gmail.com,  

Orcid: https://orcid.org/0009-0004-1409-9635 
e Professor, Department of Management Studies, Meenakshi College of Engineering. Chennai, Tamil Nadu, 

India. E-mail: jawaharrani@gmail.com, Orcid: https://orcid.org/0000-0001-9588-6120 
f Associate Professor, Department of Management Studies, St. Joseph’s College of Engineering, OMR, Chennai, 

Tamil Nadu, India. E-mail: nirmalag@stjosephs.ac.in, Orcid: https://orcid.org/0009-0006-7837-985X 

 

Abstract 

Most modern businesses are thinking strategically, performing business analysis, and optimizing resource use thanks 

to Data-driven Decision-Making (DDDM) models. On the other hand, businesses that do not use this model experience 

inconsistent business outcomes, ineffective resource use, and lengthy decision-making when analyzing the business. 

This paper examines how DDDM models work and the overall business-strategic performance of modern businesses 

through business analysis, predictive modeling, and performance evaluations. 120 managers and operatives from a 

mix of medium- and large-scale enterprises were included in this research, which used secondary data as the basis for 

analysis. Buffered data were primarily used to evaluate the framework, with correlation analysis and regression used 

to supplement it. Organizations implementing data-driven strategic models achieved 89.8% strategic planning 

accuracy, 86.5% operational efficiency, and 83.3% risk reduction capability. Improvement of 29.1% and 22.3% in 

productivity and client satisfaction was also noted. Regression analysis revealed a strong positive relationship between 

analytics adoption and organizational performance, with an R² value of 0.87 and a significance level of p < 0.01. This 

paper shows that DDDM models have improved growth prospects, business performance, and streamlined overall 

business and organizational functions. The prospective framework provides pragmatic answers for those aiming to 

integrate analytics-based modern business performance with long-range competitiveness and performance 

improvement for the firm. 
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Introduction 

The immense growth of modern technologies such as digital technologies, analytics platforms, and information 

systems has dramatically changed business management. Data-driven techniques supplement logical and strategic 

planning, which have long replaced conventional planning that mainly relied on intuition and historical evidence 

(Adesina et al., 2024). Modern organizations implement business intelligence, predictive analytics, and internal data 

management systems to optimize workflows and increase market responsiveness (Michael et al., 2024). The upsurge 

in digital transformation projects has reinforced the role of analytics in strategic management. Organizations can 

implement real-time analysis for their clients, finances, and employees. This has empowered management teams to 

make timely and precise decisions (Ashrafuzzaman Hera et al., 2024). Research shows that firms implementing 

analytics-oriented management have achieved significant productivity gains and a stronger competitive stance in 

rapidly changing markets Tanjung, (2024). Additionally, the adoption of analytics in business management, supported 

by artificial intelligence and machine learning, has improved the quality and timeliness of organizational decisions 

(Sinnappan, 2026). 

The fact that a considerable amount of data is available to organizations, yet many of them are stuck with poor strategic 

decision-making, is a puzzle. This can be attributed to the fact that, in poor-performing organizations, policy decisions 

remain biased and lack logical consistency; thus, they not only demonstrate a weakness in decision-making but also 

in the rational allocation of financial resources (Bikkasani, 2025). Because data is unstructured, organizations cannot 

structure it to reveal pertinent insights about the business, provide rational responses to customer demand, or forecast 

market direction amid the unpredictable nature of the economy Gomaa, (2025). Another major concern is the lack of 

structured frameworks to tie data analytical frameworks to business objectives. Organizations spend a lot of resources 

on technology systems, but do so without designing systems to tie analytical data to management actions (Jeyaprabha 

et al., 2025). These shortcomings restrict the pace of organizational and long-term development. Additionally noted 

is the fact that organizations that use predictive and AI-based analytics perform financially and operationally better 

than organizations that use traditional management techniques (Martins & Marques, 2025; Mahabub et al., 2025). 

Based on these issues, the necessity for a detailed and structured data-based framework to build vertically integrated 

strategic competitve advantage in the contemporary business enterprise is suggested. 

The first goal of the study was to clarify the issues that relate to the layout of strategic data management in 

contemporary enterprises. The paper also evaluates the impact of analytics, predictive business intelligence systems, 

and techniques on the relative effectiveness and competitiveness of the organization. Finally, the paper explores the 

use of data to rationally enhance the function of strategic management in a business environment (Adesina et al., 2024; 

Michael et al., 2024). 

This research is intended to fill in the gaps of and provide the strategic framework for organized, reliable, and rational 

decision making given the fierce competition, unpredictability in the market, and continuing rapid digital 

transformation and the effect of all on organizational performance. This research is significant because of its 

unwarranted consideration of data-based strategic management to address the issues of managerial effectiveness, 

operations efficiency, and sustainability of the business. This research adds to business, economics, and management 

literature by studying the intersection of strategically data-enriched radical decision-making and the impact on  

data-related management performance. The analysis includes pragmatic theoretical constructs and managerial 

framework to aid business organizations in the embrace of analytics-driven radical strategic growth to improve 

sustainability. 

The study comprises six sections. It begins with the statement and background of the problem and the goals of the 

study in Section I. Section II surveys the literature and answers the research question regarding the gaps in research 

that are related to the use of data-driven decision making. This is followed by the methods and the proposed framework 

in Section III. Section IV includes the analysis of data and outcomes. Section V examines the strategic and managerial 

contributions of the findings and Section VI wraps up the study and suggests areas for further research. 

Literature Review 

Modern management theory increasingly regards data-driven decision making as a primary concern, especially when 

planning and evaluating performance. Decision science focuses on the employment of structured data, statistical 

reasoning, and analytical support to aid managerial actions and mitigate uncertainties in the business context Ochuba 

et al., (2024). Business analytics, in addition to the decision science fields, enhances strategic planning and goal setting 

by giving management the ability to transform business data into insights that improve organizational efficiency and 
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market adaptability (Siddiqui, 2025).  The different theories of strategic management point to organizational resources, 

flexibility, and the capacity to assimilate and employ information as the primary factors in gaining and maintaining a 

competitive edge. For example, companies with a strong analytical culture and a centralized information system tend 

to have greater business agility and better determinations of the direction to take and the steps to take Szukits & 

Móricz, (2024). Data governance principles also address the reliability and accountability of the information aligned 

with the structures of business governance and decisions (Adepoju et al., 2023). The right governance structures will 

enhance managerial control, especially on strategic decisions in rapidly changing business environments (Karaboga 

et al., 2023). 

Currently, organizations have business analytics models that focus on predictive and prescriptive analytics to develop 

their decision-making and long-term planning frameworks. Descriptive analytics equips the managers with the 

necessary information to understand the organizational performance over a specified time and eases the understanding 

of the trends. However, within the analytics space, predictive analytics is mostly concerned with developing a 

statistically viable forecast that assists in setting and maximizing opportunities, and prescriptive analytics is concerned 

with business efficiency and the strategic allocation of resources (Vudugula et al., 2023). Organizational analytical 

capabilities have become more sophisticated due to the merger of artificial intelligence (AI), machine learning, and 

business intelligence systems. AI-based systems help organizations today manage huge amounts of market and client 

data to streamline the planning and control of their strategies and financial management (Siddiqui, 2025). Research 

shows that organizations that use large data processing and visualization systems to manage their business data 

perceive their business to be more flexible, responsive, and profitable (Medeiros & Maçada, 2022). Reliable studies 

further reveal that companies that are data-driven considerably outperform those that are not in terms of operational 

efficiency, innovative capabilities, and customer engagement (Awan et al., 2021; Garmaki et al., 2023). 

Although several studies have examined the benefits of analytics-driven management, there are still significant 

implications that remain in the existing frameworks of strategic decision-making. Many organizations have difficulty 

integrating their analytical initiatives into broader business strategies, leading to partial goals and limited strategic 

benefits (Adepoju et al., 2023). Most current systems focus on the extent of technology adoption and integration, 

leaving weaker integration of the organizational culture and management readiness and quality of decisions (Vudugula 

et al., 2023). Another significant challenge is related to the data integration, quality, and the management of privacy. 

Inconsistencies and inaccuracies data make the outcomes of strategic planning and forecasting efforts of the 

organization more inaccurate Ochuba et al., (2024). The practices of organizational trust and governance are still 

negatively affected by the uneven perception of the organizations and the management of data ethics and use Karaboga 

et al., (2023). There are still gaps in analytics systems frameworks that are of scalable and flexible nature to align with 

customer expectations and market conditions (Joel & Oguanobi, 2024). 

The reviewed studies show that informed decision-making impacts performance, flexibility, and market leverage. 

Most studies address gaps on analytical integration, governance, and environmental adaptability. These gaps justify 

the need for a holistic framework that integrates analytics, management, and strategic decisions in order to advance 

performance in contemporary organizations. 

Methodology 

Research Design and Data Collection 

To analyze data-driven decision-making and the resultant effect on strategic organizational performance, the study 

used a mixed-method research design. The quantitative method examined the correlation between the adoption of 

decision-making analytics and the resultant business performance. The qualitative method explained the managerial 

experience of the implementation of analytics-focused strategic decision-making. This combined approach provided 

an in-depth perspective of the organizational decision-making in the contemporary business world. 

To collect primary data, structured questionnaires and semi-structured interviews were used. The focus was on the 

managers and business analysts and operational managers of medium and large scale companies. The research 

included 120 participants in the retail, industrial, financial, and service sectors. To bolster the findings, secondary data 

were gathered from company annual reports, financial data, organizational performance data, and data from the 

relevant industry. 
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Table 1: Research Design and Data Sources 

Component Description 

Research Approach Mixed-method (Quantitative and Qualitative) 

Primary Data Surveys and interviews 

Secondary Data Financial reports, industry records, organizational documents 

Sample Size 120 respondents 

Target Respondents Managers, analysts, operational executives 

Business Sectors Retail, finance, manufacturing, service industries 

Table 1 outlines the study’s overall research design, indicating the mixed-method approach, data sources, categories 

of respondents, sample size, and business sectors considered for the assessment of the data-driven decision-making 

practices in the organizations. 

 

Fig. 1: Architecture of Data-Driven Strategic Performance Management 

Fig. 1 presents the suggested design for the data-oriented strategic performance management systems of the current 

form of most business organizations. The design framework starts from the collection of both internal and external 

data of the organizations and proceeds through structured data acquisition and analytics processing using business 

intelligence and analytics. The predictive analytics and utilization of KPIs aid the strategic decision-making processes 

of the organization ultimately leading to enhanced performance of the organization, operational efficacy, and 

continuous growth of the organization. 

Proposed Data-Driven Strategic Performance Framework 

The proposed framework looks at the degree to which organizations have been able to close the gap in the data 

analytics and business intelligence divide to achieve an improvement in strategic performance. The framework 

consists of three interconnected stages: data acquisition, analytical processing, and strategic evaluation. The first stage 

involves the collection of both organizational and market data from the organization’s internal sources such as 

customer and employee data, transactional data, financial statements, and data from external and market sources. In 

the next stage, analysis processing, business intelligence instruments and predictive analytics strategies, and 

techniques work collaboratively to pinpoint market trends and client/cost efficiencies, especially the gaps in 

operations. This integrates frameworks elements with key differentiators in business such as profitability, client 

satisfaction, productivity, and the ability to compete in the market, to catalyze judgment and management tasks. This 

stage also incorporates the Continuous Evaluation stage. Analytical findings support complex planning, resource 

placement, and business development to aid the organization in risk reduction. There is also a focus on strategic 

evaluation and performance monitoring, to ensure that adjustments in strategic organization objectives and planning 

align with the outcomes of continuous evaluation performance. 

Table 2: Proposed Strategic Performance Framework 

Framework Stage Activities Involved Expected Outcome 

Data Acquisition Collection of organizational and market data Reliable business information 

Analytical Processing Use of analytics and business intelligence tools 
Identification of trends and 

insights 

Strategic Evaluation 
Performance assessment and managerial 

interpretation 
Improved strategic decisions 

Continuous 

Monitoring 
Feedback and performance tracking 

Sustainable organizational 

growth 

Table 2 depicts the primary phases of a data-driven strategic performance framework comprising four main processes. 

These phases are focused on the goal of data processing, analysis, evaluation, and strategy revision of planning 

frameworks to enhance business operations. 

Data Sources

(Internal + 
External Data)

Data Collection 
Layer

Business 
Intelligence & 

Analytics Layer

Predictive 
Analysis & KPI 

Evaluation

Strategic 
Decision-Making

Organizational 
Performance 

Outcomes
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Performance Evaluation Metrics and Analytical Techniques 

The effectiveness of the proposed framework was assessed using several key performance indicators (KPIs), including 

revenue growth, operational efficiency, customer retention, productivity, and market responsiveness. These indicators 

were selected because they represent both financial and non-financial dimensions of organizational performance. 

Descriptive statistics, correlation analysis, and regression analysis were employed to evaluate the relationship between 

analytics adoption and business performance. Comparative analysis was also conducted to measure organizational 

improvements before and after the implementation of data-driven strategies. Reliability testing and expert validation 

methods were used to ensure consistency and credibility in the research findings. 

Results 

Analyzing Efficiency in Organizational Decision-Making 

Firms that integrated data-driven decision-making systems showed profound instances of improvements in accuracy 

in strategic planning and efficiency in operations. It was reported by the managers that the analytical data revealed the 

presence of market trends and customer behaviors that created operational problems; as a result, the managers were 

able to improve the quality of their strategic decisions. Utilization of the analytics system was able to lessen the 

reliance on intuition-driven management systems and supported management systems that planned through data. 

Following the implementation of analytic decision models, there was a marked incidence of reduced operational 

uncertainty and analytic business risk. Activation of the various systems that employed business intelligence and the 

predictive analytics models translated to a significant enhancement of the companies’ ability to respond to the changes 

in the environment. It was noted that, following the implementation of the data-driven strategies, strategic planning 

accuracy reached 89.8%, while operational risk reduction capability improved to 83.3%. 

Table 3: Organizational Decision-Making Efficiency Analysis 

Performance Indicator Evaluation Result 

Strategic Planning Accuracy 89.8% 

Operational Efficiency 86.5% 

Risk Reduction Capability 83.3% 

Decision Response Time High 

Market Adaptability 85.1% 

Table 3 presents the evaluation results of organizational decision-making efficiency achieved through the adoption of 

data-driven strategic practices, highlighting improvements in planning accuracy, operational performance, risk 

management, and adaptability to market conditions. 

Effects on a Firm's Overall Performance 

The introduction of the data-driven decision-making systems brought forth changes in the business and operational 

leve l activities of the firm. The use of analytics improved firms’ ability to optimize the use of resources and 

management workflows, and as a result, the productive capacity of the firms improved. The enhanced accuracy of 

forecasting improved managers’ ability to target the right customer and execute strategic choices pertaining to 

planning, and as a result, the firms’ profit levels also increased. The improved capacity of firms to satisfy the demands 

the customers and to respond to the changing conditions in the environment brought forth a positive change in 

customer satisfaction levels. The analysis showed an increase in 29.1% for organizational productivity and 26.4% for 

profit. Revenue and market effectiveness also increased in all divisions, sales, finance, and customer relations. 

Benchmarking showed the sales, finance, and customer relations divisions operated at peak performance due to 

increased use of analytical tools, whereas other departments with little use of said analytical tools lagged. 

Table 4: Impact on Business Performance Indicators 

Business Indicator Improvement Percentage 

Productivity Growth 29.1% 

Profitability Increase 26.4% 

Customer Satisfaction Improvement 22.3% 

Revenue Growth 24.8% 

Market Competitiveness 27.5% 

Table 4 presents the percentage improvement in major business performance indicators after implementing analytics-

based strategic decision-making practices within organizations. 
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Statistical Interpretation and Model Assessment 

Statistical analysis showed strong linkage between data-driven decision-making and organizational performance level. 

Correlation analysis showed a strong positive relationship with a coefficient of 0.82, and analytics adoption and 

performance enhancement analysis. Further, analytics adoption showed positive significant impact on organizational 

effectiveness with R² of 0.87 and p < 0.01. Reliability testing of primary variables showed values of Cronbach’s Alpha 

to exceed 0.8 which showed the data was reliable. One of the primary conclusions showed structured analytical 

frameworks of organizations performed better in the area of operational stability, growth, and managerial 

performance, when compared to organizations which relied on other decision-making approaches. 

Table 5: Statistical Analysis and Model Assessment 

Statistical Measure Value 

Correlation Coefficient (r) 0.82 

Regression Coefficient (R²) 0.87 

Significance Level p < 0.01 

Reliability Score (Cronbach’s Alpha) 0.84 

Model Validation Status Valid and Consistent 

Table 5 summarizes the statistical analysis results performed to assess the effectiveness of the data-driven strategic 

performance framework as well as the enhancement of organizational performance that is related to the framework’s 

implementation. 

 

Fig. 2: Improving Organizational Decision-Making 

Fig. 2 outlines the positive influence of data-informed decision-making techniques on the efficiency of strategic 

planning, operating streamlining, ability to reduce risks, and overall organizational flexibility in a data-influenced 

modern business world. 

In fig. 3, the percentage increases in key metrics of organizational performance after the introduction of analytics-

based strategic thinking are presented. These metrics include, but are not limited to, efficiency, financial results, client 

satisfaction, growth in sales, and competitive position in the market. 

 



International Academic Journal of Innovative Research, 

Vol. 13, No. 1, pp. 105-113. 

111 

 

Fig. 3: Benefits of Data Centered Decision-Making on Business 

Discussion 

This research indicates that the use of informed analytics to aid the decision-making process promotes the growth of 

a company’s business and its competitiveness. Companies achieve functional integration of the most important and 

most useful analytics and forecasting with order-planning operations and flexible responsiveness to buyer needs. 

Decision-making with the aid of business analytics leads to intelligent operations and sustained competitive advantage. 

It promotes superior management operations and flexible responsiveness to the environment of the business. From the 

managerial perspective, the analytics-based integration of organizational business strategies promotes the creation, 

attainment, and utilization of managerial functions. Companies use informed analytics to improve operational 

efficiency. The adoption of such strategies enables the companies to achieve a sustained competitive advantage and 

maximized profitability. Economically, such a company performs well, as evidenced by improved sales turnover and 

profitability. Companies use analytics to promote sustained competitive advantage, improve profitability, and to 

ensure profitable operations. Digitization involves design and operational challenges such as staff resistance to the 

shifting digital paradigm, the integration of legacy business technologies with new operational systems, and limitations 

of management capabilities to make informed decisions. The proposed framework for operational management 

systems integrates the limitations of scalability. The limitation on organizational readiness for the adoption of business 

decision-making analytics systems and the complexity of integration of the existing data systems is illustrated. There 

is room for improvement in several aspects of the business operational systems in support of the decision-making 

abilities that a company needs in a highly competitive business environment. 

Conclusion 

This study focused on data-driven decision-making and its impacts on the competitive edge and performance of firms. 

The study showed that the use of business analytics greatly improves the effectiveness, efficiency, and competitive 

edge of a business. The study noted that the implementation of data-driven frameworks had a positive impact on the 

firms, resulting in the strategic formulation tolling being 89.8% accurate, operational efficiency at 86.5%, and market 

responsiveness at 85.1%. After the implementation of analytics, decision frameworks, and business performance, 

revenue performance increased by 24.8%, profitability increased by 26.4%, and productivity increased by 29.1%. The 

implementation of analytics frameworks showed a positive impact on the performance of the firms, with a correlation 

and an R² of 0.82 and 0.87, respectively. The study showed that the analytics frameworks greatly impacted the 

performance of a firm and were rightfully developed. More importantly, the study showed the growing need for 

business analytics and the use of advanced analytics as a business, and a business analyst, from a policy-making 

perspective, should ensure that the business continues to grow by adopting analytics. The researchers suggest that 

future studies in frameworks look at intelligent advanced decision systems in the cloud, particularly ones that use 

analytic tools, in a business setting greater agility in decision and organizational frameworks. 
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